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Introduction«

Large language models (LLMs) have demonstrated remarkable capabilities in
encoding and applying clinical knowledge, achieving near-expert-level performance on
medical licensing examinations and clinical reasoning benchmarks [1, 2]. Building upon
these foundational achievements, recent research has advanced toward conversational
diagnostic artificial intelligence (AI) systems capable of conducting multi-turn clinical
dialogues with patients [3]. Notably, the Articulate Medical Intelligence Explorer

(AMIE), a di ic dial system developed by Google Research, demonstrated

superior performance compared to primary care physicians across 28 of 32 specialist

evaluation axes in a blinded objectivtI structured clinical examination (OSCE) study

involving 149 clinical scenarios [3]. Subsequent iterations extended these capabilities to
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Al Charting Tools: How They Cut
Documentation Time by 30% and Give
Doctors Their Lives Back

fyou're a physician, you already know the dril. See patients all day, then spend your

evening finishing charts. The American Medical Association found that physicians spend
nearly half their workday in the EHR—not examining patients, just typing. One recent study
tracked how physicians using Al documentation tools reported a 47.1% reduction in EHR
time at home, compared to just 14.5% in control groups. That's the difference between
finishing dinner with your family and eating reheated leftovers at 10 PM while you close
charts.

Al charting tools—also called ambient clinical intelligence or Al medical scribes—listen to
your patient conversations, extract the clinical details, and generate structured notes
automatically. No dictation. No template clicking. Just talk to your patient like a human, and
the software handles the rest.

The technology is maturing fast. Kaiser Permanente's deployment across thousands of
physicians saved an estimated 15,791 hours of documentation time in just one year. That's
1,794 eight-hour workdays. And this isn't science fiction—it's already running in clinics from
Vancouver to Toronto.
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